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Abstract

The current research explores how an ingratiating Artificial 
Intelligence (AI) affects users’ evaluation of the AI’s usefulness. We 
find positive effects of ingratiation by a machine-like (vs. human-
like) AI on a user’s willingness to accept recommendations, and the 
perceived accuracy of the AI in making future predictions. We 
propose that a user’s perception about how objective the AI is, 
based on the findings from research on intentions and agency of a 
machine-like (vs. human-like) AI, explains the underlying 
psychological process of the hypothesized effect. 

Background

Study 1
Participants and Design
470 Undergraduate Students (53.6% Females; Mage = 20.1 years)
3 (Feedback: Flattering vs. Non-Flattering vs. Control – No Feedback) between-subjects design

Procedure and Measures
1. Manipulated feedback based on a random 10-item personality questionnaire. Feedback 

was adapted from Chan and Sengupta (2013)
2. DVs – Willingness to Accept Product Recommendations by AI (4 products) and Perceived 

Predictive Accuracy of AI (10 predictions of future events)
Note: All items were measured on a 7-point scale

Results – A Flattering AI increases willingness to accept product recommendations made by the 
AI, and also increases its perceived predictive accuracy, versus a non-flattering AI only. There 
was no statistically significant difference between the flattering and control conditions.

Study 2
Participants and Design
211 Amazon MTurk Workers (34.1% Females; Mage = 37.9 years)
2 (Feedback: Flattering vs. Non-Flattering) X 2 (AI Type: Machine-like vs. Human-like) between-
subjects design

Procedure and Measures
1. Feedback manipulation and DVs – same as Study 1
2. Manipulated AI Type - In the human-like (machine-like) AI condition, participants read that 

the AI makes decisions similar to how humans do (makes decisions based on a 
predetermined decision rules) (Adapted from Kim and Duhachek, 2020)

Note: All items were measured on a 7-point scale

F(2, 467) = 13.91, p < 0.001 F(2, 467) = 3.75, p < 0.05 Interaction Effect - F(1, 207) = 6.33, p < 0.05 Interaction Effect - F(1, 207) = 6.35, p < 0.05 
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Results – A flattering machine-like (vs. flattering human-like) AI increases willingness to accept 
product recommendations made by the AI, and increases perceived predictive accuracy of the AI

Future Directions

1. Test the role of perceptions of an AI’s objectivity as an underlying process mechanism 
2. Conduct experiments with more realistic stimuli such as using preprogrammed voice-

enabled artificially intelligent assistants (e.g., Alexa, Siri, etc.)
3. Conduct experiments to replicate the findings using other forms of ingratiation (e.g., 

opinion conformity) to increase generalizability
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Increase in usage of Conversational AI
• 127 million in-car voice assistants (Kinsella, 2021)
• Marketers aim to market products and make recommendations 

through AI devices (Dawar, 2018)

Growing interest in endowing AI with human-like characteristics 
(IBM, 2020)
• Conversational AI can now use natural language to mimic 

human emotions (Castelo, Bos and Lehman, 2019)

Consumers’ Perception of Human-like AI
• Human-like AI are trusted more compared to machine-like AI 

(Waytz, Heafner and Epley, 2014)
• However, human-like (vs. machine-like) attributes of an AI make 

agency and ulterior motives of the AI salient (Gray and Wegner, 
2012) and decrease persuasive abilities of the AI (Kim and 
Duhachek, 2020)

Consumers’ Reaction to Ingratiation
• People have positive attitude towards their ingratiator (Chan 

and Sengupta, 2010), even if the ingratiator is a computer (Fogg 
and Nass, 1997)

• Ingratiation can also lead to negative evaluation of an 
ingratiating agent (such as a salesperson) when the ulterior 
motives are salient (Campbell and Kirmani, 2000)

Main Findings from Experiments

Potential Underlying Psychological Process – Perceived AI 
Objectivity
• AIs, particularly machine-like, are perceived as objective 
• People are aversive to being honest when delivering critical or 

negative feedback to others (Margolis and Molinsky, 2008)
• Overcoming such aversion by a human may indicate objectivity 

1. Ingratiation from an AI leads to higher willingness of users to accept product 
recommendations made by an ingratiating AI (vs. non-ingratiating AI) and also increases 
perceived predictive accuracy of the AI

2. The above finding occurs only when the ingratiator is a machine-like (vs. human-like) AI
3. A non-ingratiating human-like AI leads to similar outcomes as an ingratiating machine-

like AI
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